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Your Interview Prep Starts Here

A quick snapshot of where you stand and how to use this report.

Your background demonstrates solid technical fundamentals that align with NVIDIA's engineering standards, though you'll
need to deepen your systems-level expertise and GPU architecture knowledge to compete for this SWE role.

To excel in this SWE role at NVIDIA, prioritize strengthening your system design skills, particularly around distributed
computing and GPU architecture concepts. Targeted practice here will significantly boost your technical depth and

confidence in architectural discussions.

What's Inside

2 Where You Stand Your fit score + the 3 things working in your favor
3 What They Actually Want The hidden criteria behind the job description
4 Your Story, Interview-Ready Your 30-sec and 2-min pitches, written for you
5 Stories That Win Interviews STAR stories from your resume, ready to deliver
6 Questions You'll Face Likely questions + what "great" looks like

7 Scripts for Awkward Questions How to handle gaps and weaknesses gracefully
8 Questions to Ask Them Smart questions by interviewer type

9 Your 30/60/90 Day Plan A handout to leave behind that closes the deal
10 Interview Day Cheat Sheet One page with everything you need
. Short on Time? m Full Preparation
- Read Where You Stand - Read the full report front-to-back

» Memorize your pitches » Practice all stories out loud
- Review your top 3 stories - Role-play the top 5 questions

., Grab the cheat sheet » Customize your questions to ask
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Where You Stand

An objective assessment of your fit for this role, based on your resume and the job requirements.

Stretch

Your distributed systems leadership and performance optimization expertise provide a strong foundation

for this role; however, you'll need to develop GPU computing and CUDA proficiency to fully excel in this
SWE position at NVIDIA.

Skills match O 8/40

Your Python and distributed systems experience transfers well, but you lack C++, CUDA, GPU programming,
and systems-level optimization skills critical for this role.

Experience alignment ——— 35 / 35

Your six years as a Senior Software Engineer building high-performance distributed systems at Microsoft and
Expedia provides strong foundational experience for senior-level responsibilities.

Culture & role flt . 12 / 25

Your resume doesn't yet signal NVIDIA's intellectual honesty values; consider highlighting transparent
problem-solving approaches and boundary-of-knowledge reasoning from your technical architecture
decisions.

4 Your Strengths

Proven High-Performance Distributed Systems Leadership

Your experience leading Azure Event Hubs ingestion service handling 4.2M events/sec across 18 regions directly
aligns with NVIDIA's need to "design and build foundational systems" and "develop high-performance backend
services." Managing 99.995% uptime at massive scale demonstrates the operational excellence required for
GPU-accelerated infrastructure where performance and reliability are non-negotiable. Your distributed rate-limiting
system across 240 nodes shows you understand the complex coordination challenges NVIDIA faces in their CUDA
platform.




Systems Programming Excellence with Performance Optimization

Your Go and Python expertise, combined with achieving 2.1x throughput improvements and 60% memory reduction
during your Microsoft service migrations, demonstrates strong systems programming fundamentals that transfer to
NVIDIA's C++/Python stack. Reducing P99 failover time from 47s to 8s shows you think in microseconds about

performance optimization—exactly the mindset needed for "optimizing software for next-generation Blackwell GPU

architectures" where every cycle matters in high-performance computing workloads.

Cross-Team Infrastructure Collaboration at Scale

Your collaboration with Expedia's ML team to integrate real-time personalization via gRPC APIs mirrors NVIDIA's
requirement to "collaborate directly with hardware architects on memory hierarchy and compute primitive design."
Building infrastructure that serves other engineering teams demonstrates you understand how foundational
systems enable innovation across organizations. Your Azure OpenAl integration work shows you can bridge
complex technical domains—essential for contributing to TensorRT integration layers.

() Gapsto Address

Missing C++ and Systems Programming Foundation

Your resume shows strong distributed systems experience but lacks the core technical foundation NVIDIA requires.
The role demands "systems programming" and "C++" as primary languages, yet your experience centers on Go,
Python, and Java for cloud services. While you've built high-performance systems at Microsoft and Expedia, you
have no demonstrated C++ experience or low-level systems work that connects to "GPU hardware and software"

intersection work. You'll need compelling stories about performance optimization, memory management, or

hardware-adjacent programming to bridge this gap. > See Section 5 for stories to bridge this

No GPU Computing or CUDA Experience

NVIDIA's role requires "GPU-accelerated computing" expertise and building "CUDA developer platform"
components, but your background shows zero GPU programming experience. Your ML exposure at Expedia was
limited to "gRPC APl integration" with no "model training or GPU work performed" as you explicitly noted. The job
involves optimizing for "Blackwell GPU architectures" and "parallel programming" - technical domains completely
absent from your resume. You'll need to demonstrate curiosity about parallel computing concepts and GPU

architecture fundamentals during interviews. > See Section 5 for stories to bridge this




Cloud-Focused vs Hardware-Adjacent Systems Experience

Your expertise lies in cloud infrastructure (Azure, AWS) and distributed services, while NVIDIA needs someone to
"collaborate directly with hardware architects on memory hierarchy and compute primitive design." Your Event
Hubs and search engine work demonstrates scale and performance optimization, but operates at the application
layer rather than hardware-software boundaries. The role requires understanding "memory hierarchy design" and

low-level system optimization that your cloud-native background doesn't directly address. Frame your

performance work in terms of hardware constraints and system-level thinking. > See Section 7 for scripts

Here's how to use this report

You're walking in with a rare advantage: proven leadership in distributed systems at scale, which is exactly the
DNA NVIDIA needs. Your biggest vulnerability is the 20% skills gap in C++ and GPU computing, so start with
Section 5 and extract two STAR stories that show you learning new hardware-adjacent systems quickly, even if
they're not CUDA—this bridges credibility on the learning curve NVIDIA will test. Second, use Section 3 to
decode what "systems programming excellence" actually means in their GPU context, then Section 4 to reframe

your distributed systems wins as hardware-aware thinking. When you open this report, go straight to Section 3

first to recalibrate your mental model of the role, then tackle Section 5. You've built hard things at scale; now you

just need to show you can do it in their world.




interview101

What They Actually Want

The job description tells part of the story. Here's what's really driving this hire.

(2 Reading Between the Lines

WHAT THEY SAID

"Optimize software for next-
generation Blackwell GPU
architectures”

"Design and build foundational
systems at the intersection of
GPU hardware and software"

"Collaborate directly with
hardware architects on memory
hierarchy and compute
primitive design"

"Develop high-performance
backend services in C++ and
Python"

"Contribute to CUDA developer
platform"

WHAT THEY MEAN

Write performance-critical code that
maximizes GPU compute utilization and
memory bandwidth efficiency for cutting-
edge hardware.

Architect low-level systems that bridge
hardware capabilities with software
abstractions, requiring deep
understanding of both domains.

Partner with chip designers to influence
hardware specifications and ensure
software can fully exploit architectural
features.

Build latency-sensitive distributed
systems that can handle massive scale
with microsecond-level performance
requirements.

Build tooling and APIs that enable other
developers to write GPU-accelerated
applications effectively.

HOW YOU DEMONSTRATE IT

You lack GPU architecture experience, but
highlight your distributed rate-limiting
system across 240 nodes and memory
optimization reducing footprint by 60% —
frame as performance-first systems
engineering.

No hardware-software bridge experience,
but emphasize your Azure Event Hubs
ingestion service handling 4.2M
events/sec — frame as foundational
infrastructure requiring hardware-aware
performance optimization.

You lack hardware collaboration
experience, but highlight cross-functional
work with ML teams and establishing
team-wide architectural standards —
frame as technical partnership and
specification influence.

Strong match with your hotel search
pricing engine achieving p99 < 35ms and
Event Hubs 99.995% uptime —
emphasize low-latency distributed
systems expertise despite lacking C++.

No CUDA experience, but highlight your
internal developer productivity tooling
with Azure OpenAl integration and ClI
pipeline dashboard adopted by 200+
engineers — frame as platform
development.



® Why This Role Exists

NVIDIA is transitioning from a GPU hardware company to a comprehensive Al platform provider, with their NIM
microservices and CUDA developer ecosystem becoming critical revenue drivers. The upcoming Blackwell
architecture represents a massive generational leap requiring entirely new software foundations. They're racing to
ensure their software stack can fully exploit next-generation hardware capabilities while maintaining developer

accessibility.

The emphasis on foundational systems and direct hardware collaboration suggests the team is building greenfield
infrastructure for emerging architectures. The specific mention of memory hierarchy design and compute primitives
indicates they're solving low-level performance bottlenecks that existing software can't address. The combination
of CUDA platform work and NIM microservices suggests they're bridging research-grade capabilities with

production deployment needs.

The pain they're solving: NVIDIA's software is becoming the bottleneck to their hardware's potential, creating a
software-hardware co-design crisis where traditional approaches can't unlock Blackwell's capabilities. They need
someone who can think at the intersection of hardware constraints and software architecture, not just optimize
existing code. Position yourself as someone who builds systems that make impossible hardware capabilities

accessible to developers.



M Company Intelligence That Matters

NVIDIA VALUES IN PLAY

Every interview round evaluates alignment to these values.

For this role, focus on:

Innovation — show you have built systems that pushed the
boundary of what was technically possible in your domain;
NVIDIA interviewers are not evaluating whether you shipped
features on time, they are evaluating whether you created
something technically interesting; demonstrate genuine
curiosity about hard problems and show you have gone deeper
than required on technical challenges that interested you

Intellectual honesty — the most differentiating NVIDIA value;
demonstrate you reason transparently at the edge of your
knowledge rather than bluffing; when asked about a GPU
concept you know imperfectly, say 'l know the general principle
but | am not certain about the specific implementation — let me
reason through it from what | do know' and then reason
correctly; NVIDIA interviewers explicitly value this pattern;
candidates who bluff past gaps are identified quickly and score
poorly on culture

Speed and agility — show you have shipped technically
ambitious work in fast-moving environments without sacrificing
quality or correctness; NVIDIA's market position depends on
shipping each GPU architecture generation faster than the
competition; demonstrate you can maintain technical depth
while moving quickly

One Team — NVIDIA's most impactful projects cross the
hardware-software boundary; show you have worked effectively
with engineers outside your specialty — hardware engineers,
performance engineers, compiler engineers, or ML researchers
— and that you understand their constraints well enough to
make design decisions that work for the whole system, not just
your layer

Excellence — NVIDIA holds a higher bar for technical depth than
most FAANG companies in specialist domains; show you have
the discipline to go 3-4 levels deeper than surface answers
when a problem matters; demonstrate you have profiled real
bottlenecks, measured real performance, and made decisions
from data rather than intuition

Have a STAR story ready for each. Vague answers are the #1reason
qualified candidates fail.

CULTURE SIGNAL

NVIDIA operates with 'no politics, no hierarchy' blocking
innovation. Teams form fluidly around projects based on
required skills rather than org charts. The company
transforms mistakes into learning opportunities through
Intellectual Honesty — seeking truth and sharing
learnings openly across the organization.

INTERVIEW PROCESS

Three-phase process over one month: recruiter screen,
coding/technical assessment, then final round with 3-4
interviews including 1-2 technical rounds, domain-specific
round, and behavioral with hiring manager. Unique feature:
optional 15-minute 'Insider Chat' with community resource
group member about culture.

WHAT SUCCESS LOOKS LIKE

Top performers design foundational GPU-software
systems while collaborating directly with hardware
architects. They optimize for next-gen architectures,
contribute to CUDA platform, and build high-performance
services. They reason transparently at knowledge
boundaries, take responsible risks, and maintain

Excellence & Determination in technical execution.
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DOMAIN-DEPTH PRIMARY — PANEL INTERVIEWS + PROJECT PORTFOLIO DEEP-DIVES

What Makes This Interview Different

NVIDIA SWE interviews have four features that distinguish them from SWE interviews at every other company in this group.
First, domain expertise in the JD's specific technical area is a primary hiring signal — not a secondary differentiator. NVIDIA
builds GPU hardware, CUDA software, Al infrastructure, and ML frameworks that require deep specialist knowledge;
generalist SWE skills alone are insufficient for the majority of roles. Second, panel-style interviews are common — multiple
engineers participate in the same interview session, evaluating the candidate simultaneously. Third, project portfolio deep-
dives are a primary evaluation tool — interviewers will ask you to walk through the full architecture of a past system, probe
every design decision for 30+ minutes, and may ask you to demo working code. Fourth, intellectual honesty is NVIDIA's
most explicitly valued cultural trait — reasoning transparently through unknowns and acknowledging gaps while showing
first-principles thinking scores higher than confident but incorrect bluffing. NVIDIA has no Bar Raiser, no LP framework, no

keeper test — it is the most meritocratic of the 7 companies when it comes to pure domain depth.

O

Hidden Priorities (What the JD Reveals)

0 Hardware-Software Co-Design Architecture Thinking JD signal

The JD emphasizes 'collaborate directly with hardware architects on memory hierarchy and compute primitive design' and
'optimize for next-generation Blackwell GPU architectures.' This signals they need someone who can think architecturally
across the hardware-software boundary, not just write code that runs on existing APIs.

e Platform Infrastructure Engineering Over Application Development JD signal

Three of the seven responsibilities focus on foundational systems: 'CUDA developer platform,' 'NIM microservices
infrastructure,' and 'foundational systems at intersection of GPU hardware and software.' They're hiring for someone who
builds the platforms other developers use, requiring deep systems thinking.

e Technical Transparency Under Multi-Angle Pressure = Company intel

A

NVIDIA's interview process includes panel interviews where 'multiple engineers probe simultaneously from different angles.'
Combined with their core value of 'intellectual honesty' and 'reason transparently at boundary of knowledge,' you'll face
technical grilling designed to test authentic expertise versus confident bluffing.

Watch Out For These Mistakes

Downplaying Systems Architecture Impact

NVIDIA values engineers who design foundational systems at massive scale. Don't undersell your Azure Event Hubs work as
just 'handling events' — emphasize how you architected distributed systems serving millions of users globally. Frame your
rate-limiting and failover systems as the foundational infrastructure that other teams depend on. Use Section 5 stories to
showcase systems thinking and Section 7 gap scripts for GPU computing discussions.




Missing GPU Computing Connection

You'll likely face questions about GPU-accelerated computing despite lacking direct experience. Don't panic or claim
knowledge you don't have. Instead, draw parallels from your high-throughput pipeline work at Microsoft to GPU parallelism
concepts. Reference Section 7 gap scripts to confidently discuss how your distributed systems experience translates to GPU
workload optimization and parallel processing architectures.

Overlooking NVIDIA's Collaborative Innovation Culture

NVIDIA's 'no hierarchy' culture means technical decisions emerge from collaboration, not seniority. Don't just mention
mentoring junior engineers — describe how you facilitated cross-team technical discussions and built consensus. Your
Azure OpenAl integration shows cross-functional work, but emphasize how you navigated different perspectives and drove
innovation through collective problem-solving rather than top-down decisions.

— when you hit knowledge limits, say so clearly and explain your reasoning
process rather than guessing.

— prepare examples of working directly with hardware teams,
architects, or other disciplines on technical decisions.

— share specific examples where mistakes led to better solutions, aligning
with their mistake-to-opportunity culture.

— discuss concrete experience with CUDA, parallel programming, or
memory hierarchy optimization relevant to Blackwell architecture work.

— use this unique 15-minute opportunity to demonstrate genuine cultural interest

and gather insider perspectives on team dynamics.
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Your Story, Interview-Ready

Polished answers to "Tell me about yourself" — the most predictable question, and the easiest to fumble.

. The 30-Second Pitch ~30 seconds

I'm a Senior Software Engineer with 6 years specializing in distributed systems and high-performance
infrastructure at scale. At Microsoft, | led engineering on Azure Event Hubs processing 4.2M
events/sec across 18 regions , building distributed rate-limiting systems in Go and optimizing cross-
region failover performance. This experience in systems programming and distributed architecture
directly translates to NVIDIA's GPU-accelerated computing challenges and high-performance backend
services . I'm excited to apply my distributed systems expertise to CUDA platform development and

TensorRT optimization.

. Hook: Establishes credibility immediately with specific . Proof: Concrete numbers make it real and memorable
experience

. Bridge: Connects your past to their specific opportunity . Close: Shows ambition without sounding desperate



. The 2-Minute Version

Past: | started my career building CI/CD infrastructure at Adobe , then spent three years at Expedia
Group developing high-throughput search systems — building a hotel pricing engine processing 1.1M

daily requests with sub-35ms latency and managing Elasticsearch clusters with 3B+ records.

Present: At Microsoft, I've been the lead engineer on Azure Event Hubs ingestion service handling
4.2M events/sec across 18 regions. | designed a distributed rate-limiting system in Go with Redis-
backed synchronization across 240 nodes and built cross-region failover reducing P99 times from 47s to
8s.

Pivot: | want to move from general cloud infrastructure to GPU-accelerated computing systems where

performance optimization directly enables Al breakthroughs.
Future: NVIDIA's focus on CUDA platform development and NIM microservices is exactly where | want

to apply my distributed systems experience to build the foundational infrastructure powering next-

generation Al workloads.

(M "Why This Company?"

I'm drawn to NVIDIA's where engineers directly influence product direction without

bureaucracy. My experience leading distributed systems at scale and mentoring teams aligns perfectly with your

principle. The opportunity to build Al infrastructure that powers every frontier model, combined with
access to hardware internals and early silicon, represents engineering challenges that simply don't exist anywhere
else.

Tip: This connects the candidate's leadership experience and distributed systems expertise to NVIDIA's unique flat culture and
technical depth advantages.

(* "Why this role specifically?"

What excites me about this role is the opportunity to at GPU scale
— my experience building Azure Event Hubs ingestion handling 4.2M events/sec gives me foundational distributed
systems expertise. I'm particularly drawn to work because optimizing software-

hardware boundaries, like my cross-region failover optimization that reduced P99 latency from 47s to 8s,

represents the most intellectually challenging problems in systems engineering.

Tip: Mirror exact JD phrases "develop high-performance backend services" and "CUDA developer platform" with specific Azure

performance metrics to demonstrate relevant scale experience.




¢ Delivery Tips

v

Practice out loud — reading silently isn't the same.
Record yourself and listen back.

Pause after key points — let your numbers land.
Important stats deserve a beat.

End with forward energy — your last sentence should
make them want to hear more.

Don't memorize word-for-word — know the beats, not
the script. Robotic delivery Kills credibility.

Don't rush the "why here" — this is where you show
genuine interest. Slow down.

Don't apologize for gaps — not here. Save objection
handling for when they ask directly.
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6 Stories That Win Interviews

Your proof points — built from your resume, ready to personalize and deliver.

How These Stories Work

We've built STAR stories from your resume — but only you know the full details. Each story has three
parts:

v Verified = Facts directly from your resume (company, role, metrics)

« Draft = Plausible details we've inferred — review and correct these

o You fill in = Details only you know — add these before your interview

@ From your resume Draft — verify this 121 You fill in

Before your interview: Read each story, correct anything we got wrong, and fill in the blanks.
Practice telling each story in 2-3 minutes. The goal isn't to memorize — it's to know the beats so

you can deliver naturally.

High-Throughput Distributed System Cross-Team ML Integration

Distributed Rate-Limiting Architecture Service Migration Leadership

Cross-Region Failover Optimization Observability System Design
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. High-Throughput Distributed System

Excellence & Determination Innovation

_ What we know for certain

"Lead engineer on Azure Event Hubs ingestion service handling 4.2M events/sec across 18 data
center regions; achieved 99.995% uptime over 24 months"

USE THIS STORY FOR

Tell me about a time you built a high-performance system / Describe a challenging technical project you
led / How do you ensure system reliability ?

(ROLVNa Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

................................................

,

....................................................

.............................................................................................................................

.............................................................

.........................................................

ensuring consistent performance globally.




The system successfully handled 4.2M events/sec across 18 data center regions and achieved

............................................................................

[y Before You Use This Story

What was the 'before' state - previous throughput capacity and uptime metrics?
Add specific technologies used beyond Event Hubs (monitoring, load balancing, etc.)
Quantify the team size and timeline for this project

Include one specific technical challenge you overcame during implementation

(@ Likely Follow-up Questions — Prepare Your Answers

"How did you handle capacity planning for 4.2M events per second?"

Think about your monitoring strategy, auto-scaling mechanisms, and how you predicted traffic
patterns across regions.

"What was your strategy for maintaining 99.995% uptime across 18 regions?"

Focus on your redundancy design, health checks, circuit breakers, and how you handled partial
failures.

"How did you ensure consistent performance globally?"

Discuss your approach to latency optimization, data locality, and handling network partitions between
regions.
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. Distributed Rate-Limiting Architecture

Innovation Excellence & Determination

_ What we know for certain

"Designed and implemented distributed rate-limiting system in Go using token bucket algorithm
with Redis-backed state synchronization across 240 nodes"”

USE THIS STORY FOR

Design a distributed system / Tell me about a complex algorithm you implemented / How do you handle
state synchronization?

(BOLV\a Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

................................................................................................

needed a solution that could work across 240 nodes in our distributed system.

...............

..............................................................................................




The distributed rate-limiting system successfully synchronized state across 240 nodes using

.................................................................

(4 Before You Use This Story

Add performance metrics - what latency did the rate limiting add to requests?
Specify how you handled Redis failover and network partition scenarios

Include the timeline and team size for this implementation

Add the specific rate limiting requirements - requests per second, burst handling, etc.

(@ Likely Follow-up Questions — Prepare Your Answers

"Why did you choose token bucket over other rate limiting algorithms?"

Compare token bucket to leaky bucket and fixed window approaches, focusing on burst handling and
distributed consistency.

"How did you handle Redis being a single point of failure?"

Discuss your Redis clustering/replication strategy and what happens when Redis is unavailable.

"What was your strategy for handling clock skew across 240 nodes?"

Think about time synchronization challenges and how token bucket timing works in distributed
systems.
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Cross-Region Failover Optimization

Excellence & Determination Speed & Agility

_ What we know for certain

"Architected cross-region failover for Event Hubs metadata service; reduced P99 failover time
from 47s to 8s"

USE THIS STORY FOR

Tell me about a performance optimization you made / How do you approach system reliability / Describe a
time you improved system performance

(ROLVNa Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

.......................................................................

_______________________________________________________________________

_______________________________________________________________________________
..............................................................................




The new cross-region failover architecture reduced P99 failover time from 47s to 8s for the

[ Before You Use This Story

Add the root cause analysis - what specifically was causing the 47s delay?
Include metrics on data consistency during failover - any data loss scenarios prevented?
Specify the detection mechanism - how quickly could you identify need for failover?

Add the testing strategy - how did you validate 8s failover without impacting production?

(® Likely Follow-up Questions — Prepare Your Answers

"What was causing the original 47-second failover time?"

Break down the failover process into steps and identify which step was the bottleneck.

"How did you ensure data consistency during the 8-second failover window?"
Discuss your strategy for handling in-flight requests and maintaining metadata consistency across
regions.

"How did you test and validate the failover improvements?"

Think about chaos engineering, staging environments, and how you measured the P99 without
impacting customers.
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. Cross-Team ML Integration

One Team Speed & Agility

_ What we know for certain

"Collaborated with ML team to serve real-time personalization recommendations via internal grRPC
APl — integrated prediction endpoint into search ranking pipeline; no model training or GPU work
performed"

USE THIS STORY FOR

Tell me about a time you collaborated across teams / How do you work with different engineering
disciplines / Describe integrating ML into production systems

LV Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

...................................................................................................................

;

........................................................................
......................................................

.............................................

..........................................................................................

...........................................................................................................................

_____________________________________________________________________________________________________

............................................................................................




________________________________

...........................................................................................................................

Successfully deployed real-time personalization recommendations via internal gRPC API

[ Before You Use This Story

Add performance metrics for the gRPC API - latency, throughput, error rates
Specify the business impact - user engagement lift, conversion improvements, etc.
Include details on A/B testing and rollout strategy for the ML integration

Add the timeline and coordination challenges across ML and search teams

(® Likely Follow-up Questions — Prepare Your Answers

"How did you handle latency requirements for real-time ML predictions in search?"

Discuss your caching strategy, parallel processing, and fallback mechanisms when ML service is slow.

"What was your approach to A/B testing ML personalization in search ranking?"

Think about experiment design, traffic splitting, and measuring both engagement and relevance
metrics.

"How did you coordinate between ML team requirements and search team constraints?"

Focus on communication strategies, technical tradeoffs, and how you aligned different team priorities.
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. Service Migration Leadership

Excellence & Determination Speed & Agility

_ What we know for certain

"Led migration of 5 legacy Java services to Go microservices,; reduced memory footprint by 60%,
improved throughput 2.7x"

USE THIS STORY FOR

Tell me about a time you led a technical migration / How do you drive performance improvements /
Describe leading a complex technical project

(BOLVNa Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

........................................................

______________________________________________________________

_________________________

.................................................................................................

...............................................................

...................................................................................




We successfully reduced memory footprint by 60% and improved throughput 2.1x across all

(4 Before You Use This Story

Specify the exact timeline - how long did the full migration take?
Add the 'before' metrics - what were the original memory usage and throughput numbers?
Clarify team size - how many engineers did you lead through this migration?

Detail the technical challenges - what was the most complex service to migrate and why?

(® Likely Follow-up Questions — Prepare Your Answers

"Why did you choose Go specifically over other languages like Rust or C++?"

Think about the technical trade-offs, team expertise, ecosystem considerations, and long-term
maintainability that influenced your decision.

"How did you handle potential downtime during the migration?"

Focus on your deployment strategy, rollback plans, and how you minimized risk while maintaining
service availability.

"What was the biggest technical challenge you encountered during the migration?"

Choose a specific problem that showcases your problem-solving skills and technical depth, explaining
both the issue and your solution approach.
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. Observability System Design

Innovation Intellectual Honesty

_ What we know for certain

"Built observability stack (Datadog APM + custom dashboards) for search service; reduced MTTD
for latency regressions from 4 hours to 12 minutes"

USE THIS STORY FOR

How do you debug performance issues / Tell me about tooling you built / Describe your approach to
system monitoring

(BOLV\a Plausible story — review and personalize

We've written a realistic version based on your resume. Read through it, correct anything that's wrong, and fill in
the blanks marked with [brackets].

SITUATION

.................................................................

.................................................................................................

____________________________________________________________________________________________

................................................................................................




The new observability stack reduced MTTD for latency regressions from 4 hours to 12

..................................................................................................................

[ Before You Use This Story

Specify what 'custom dashboards' means - what unique visualizations or metrics did you create?
Add the 'before' state - what monitoring tools existed and why were they insufficient?
Clarify the technical architecture - how did you integrate Datadog with your existing systems?

Detail the detection mechanism - what specific thresholds or algorithms enabled the 12-minute
detection?

(® Likely Follow-up Questions — Prepare Your Answers

"What specific metrics did you choose to track and why?"

Think about the trade-offs between signal and noise, which metrics were leading vs lagging
indicators, and how you validated that these were the right things to monitor.

"How did you determine the right alerting thresholds to avoid false positives?"

Focus on your data-driven approach, any experimentation you did, and how you balanced sensitivity
with actionability.

"What was the most challenging aspect of integrating Datadog with your existing systems?"

Think about technical integration challenges, data formatting, performance impacts, or organizational
resistance you had to overcome.
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Build your own story

Your 6 stories cover your strongest proof points — use this template whenever a new experience comes to mind
before your interview.

Start with a real resume bullet or achievement. Don't start with a story idea — start with a fact. A metric, a deliverable, a
result you can stand behind. Everything else builds from there.

- The real achievement — copy from your resume or write it in one sentence

STORY TITLE COMPETENCY TAGS (PICK 1-2)

USE THIS STORY FOR — WHAT INTERVIEW QUESTIONS DOES IT ANSWER?

WHICH NVIDIA VALUE DOES THIS BEST DEMONSTRATE?

Speed & Agility Intellectual Honesty Excellence & Determination

Circle one — be honest. If it's split between two, pick the one the story demonstrates most clearly.

SITUATION ( Draft

Set the context. What was the state of things before you acted? Keep to 2-3 sentences. Use [brackets] for anything you're not 100%
certain about yet.

TASK ( Draft

What were you specifically responsible for? Why you, not someone else?

ACTION ( Draft

What did you specifically do? Name your decisions, not just activities. Every claim needs a "why | chose this" — that's where interviewers
probe hardest.

RESULT v/ Anchor here

Start with the metric from your anchor above — that's your verified fact. Then add business impact, recognition, or follow-on effects.



(© STRESS-TEST WITH Al

Once you've drafted your story, paste this into Claude or ChatGPT:

"Act as a NVIDIA interviewer. I'm going to tell you a STAR story. After I finish, push back with 3 follow-up questions that test
whether my answer is specific, credible, and genuinely demonstrates strong performance for this company. Be tough.”

(7] Before you use this story
Can you state the result metric from memory, without checking notes?
In the Action, can you explain every decision and why you made it — not just what you did?
Have you practiced this out loud at least once, timing it at 2-3 minutes?

If the interviewer asks "what would you do differently?" — do you have an honest answer ready?

Interviewers won't ask the exact questions we prepared for — but if your story is solid, you can answer any version of the question. The
goal isn't to memorise. It's to know the beats so you can deliver naturally.




interview101 §6

What They're Testing — And How to Answer It

12 question patterns decoded — what's really being assessed, and how to answer any version of each
question.

Note: NVIDIA SWE interview loops are significantly more team-specific and domain-specific than any other company in this group — the
rounds, technical focus areas, and coding language expectations vary meaningfully by product team. A CUDA kernel optimization role on
the GPU compute team will have a fundamentally different technical loop than a distributed training infrastructure role or an inference
serving role. The consistent elements: coding in C++ or Python (verify language with recruiter), system design with hardware-aware
framing, domain-specific technical depth questions tailored to the JD, and project portfolio deep-dives. Panel-style rounds (multiple
engineers in one session) are common. Process is slow by design — 6-8 weeks total and 2+ weeks for post-onsite feedback are normal.

Always verify the specific technical focus areas with your recruiter before preparing.

- Derived from NVIDIA interview Standard for Software Engineer Derived from your job
structure interviews description

HOW TO USE THIS SECTION

These 12 questions were built specifically for your NVIDIA SWE interview. The distribution — 3 coding / 3 system
design / 3 domain specific / 3 behavioral culture — reflects how NVIDIA actually structures this interview at your

level, based on their published evaluation criteria and hiring patterns.

Each question includes three layers of prep intelligence: what the interviewer is actually evaluating beneath the

surface, what a strong answer demonstrates, and the patterns that cause candidates to fall short.

Work through every question before your interview. For behavioral questions, draft your answer using the Story

Builder in Section 5 — then practice saying it out loud until the delivery feels natural.




. Technical — System Deep Dive

- NVIDIA's emphasis on project portfolio deep-dives

"Walk me through the architecture of your Azure Event Hubs ingestion service that
handled 4.2M events/sec. How did you handle backpressure when downstream
systems couldn't keep up, and what would change if we moved this to a GPU-

accelerated processing pipeline?"

WHAT THEY'RE REALLY ASKING

This probes your real-world experience building high-throughput distributed systems and tests your ability to adapt that
knowledge to GPU-accelerated architectures. They want to see if you can discuss concrete architectural decisions from

your Event Hubs work and demonstrate forward-thinking about how GPU acceleration changes system design
constraints.

WHAT GREAT LOOKS LIKE

Concrete Architecture: Detailed explanation of
partitioning strategy, consumer group management,
and specific backpressure mechanisms like circuit
breakers or adaptive batching

Performance Numbers: Specific metrics on throughput
bottlenecks, memory usage patterns, and how you
measured and optimized for 4.2M events/sec

GPU Adaptation Insight: Understanding that GPU
pipelines change the game - discussing batch
processing implications, memory transfer costs, and
kernel scheduling considerations

Production Reality: Discussing real challenges like

hotspot partitions, consumer lag monitoring, and how
you debugged performance issues in production

YOUR PREP

RED FLAGS

Vague Architecture: Generic descriptions without
specific details about Event Hubs internals or concrete
backpressure strategies

No GPU Understanding: Missing the GPU acceleration
follow-up or showing lack of awareness of how GPU
processing differs from CPU-based systems

Theory Over Practice: Discussing textbook solutions
without demonstrating hands-on experience with the
specific challenges of high-throughput systems
Missing Performance Context: Not explaining how you
measured performance, identified bottlenecks, or
validated improvements

Use your Story 1 (High-Throughput Distributed System) as the foundation, but prepare to dive deep into the Azure Event
Hubs specifics - partition management, consumer scaling, and exact backpressure mechanisms you implemented.
Research GPU batch processing patterns and memory transfer costs so you can intelligently discuss how moving to GPU
acceleration would change your architecture decisions.

@© PRACTICE WITH Al

Act as a NVIDIA interviewer asking about my Azure Event Hubs system. Probe deep into architectural details, ask follow-
up questions about specific backpressure mechanisms, and challenge me on how GPU acceleration would change the
design. Focus on testing whether | really built this system versus just managed it.




. Coding — Algorithms

"Implement a function in C++ that finds the longest increasing subsequence in an
array. After you solve it, analyze the cache behavior of your solution and explain
how performance would change if this ran on a system with 64-byte cache lines
versus 128-byte cache lines."

Standard SWE coding with NVIDIA's hardware-aware follow-up

WHAT THEY'RE REALLY ASKING

This evaluates your fundamental algorithmic thinking and coding ability, then tests your understanding of low-level
performance characteristics that matter in GPU computing. They want to see clean code implementation followed by
hardware-aware reasoning about cache behavior and memory access patterns.

WHAT GREAT LOOKS LIKE RED FLAGS

o Optimal Algorithm: Implements O(n log n) solution
using binary search or O(n?) DP with clear reasoning

e Suboptimal Solution: Implements naive O(n®) solution
without recognizing or improving it

about trade-offs  Poor Code Quality: Memory leaks, unclear logic, or

e Clean C++ Code: Proper memory management, clear
variable names, handles edge cases, and explains the
approach before coding

jumps straight to coding without explanation

Cache Confusion: Misunderstands cache line
concepts or gives generic answers about 'cache being

* Cache Analysis: Understands that larger cache lines faster'

can improve spatial locality for sequential access but « Surface-Level Analysis: Discusses cache without
may increase cache miss penalties connecting to actual performance implications or
+ Hardware Awareness: Connects cache behavior to memory access patterns
real performance implications and shows

understanding of memory hierarchy

YOUR PREP

Review classic DP algorithms and practice implementing them cleanly in C++. Study computer architecture basics -
understand how cache lines work, spatial vs temporal locality, and why cache line size affects performance. Practice
explaining your reasoning process out loud before writing code.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer giving me the longest increasing subsequence problem. Watch me code it step-by-step,
then drill me on cache behavior analysis and hardware performance implications. Make sure | understand the connection
between algorithm choice and memory access patterns.




. Technical — System Design GPU Computing Platform foundational systems design

"Design a distributed GPU memory manager for a training cluster with 1000+ H100
GPUs. Address how you'll handle memory fragmentation across nodes, GPU-to-
GPU transfers over NVLink vs InfiniBand, and what happens when a node fails mid-
training."

From JD: design and build foundational systems at the intersection of GPU hardware and software

WHAT THEY'RE REALLY ASKING

This tests your ability to design foundational systems for NVIDIA's core GPU computing infrastructure. They want to see
if you understand the unique constraints of multi-GPU distributed systems - memory hierarchies, interconnect
topologies, and failure modes that don't exist in traditional distributed systems.

WHAT GREAT LOOKS LIKE RED FLAGS

e GPU Memory Hierarchy: Understands HBM, device e CPU-Centric Design: Treating GPUs like CPUs without
memory, unified memory, and how to manage understanding memory hierarchy or interconnect
allocation across the memory stack differences

o Interconnect Optimization: Knows NVLink provides e Generic Distributed Systems: Applying standard
higher bandwidth/lower latency than InfiniBand for patterns without considering GPU-specific constraints
local transfers and designs accordingly like memory capacity limits

» Fault Tolerance Strategy: Designs checkpointing » |gnoring Hardware Topology: Not leveraging NVLink
mechanisms that account for GPU memory constraints advantages or understanding NUMA-like effects in
and massive training state GPU clusters

» Fragmentation Solutions: Proposes buddy allocation, » Naive Failure Handling: Proposing solutions that don't
memory pools, or compaction strategies specific to account for the massive memory state in GPU training
GPU workload patterns workloads

YOUR PREP

Research NVIDIA's GPU architecture - understand H100 specifications, NVLink topology, and how GPU memory differs
from CPU memory. Study distributed training systems like PyTorch's FSDP or DeepSpeed to understand real-world GPU
memory management challenges. Focus on learning what makes GPU clusters unique compared to traditional distributed
systems.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer asking me to design a distributed GPU memory manager. Challenge my understanding of
GPU hardware specifics, probe whether | understand NVLink vs InfiniBand trade-offs, and push me to consider failure
modes unique to multi-GPU training systems.




. Technical — Domain Specific ALl GPU-accelerated computing and CUDA expertise requirement

"Write a CUDA kernel that performs a parallel reduction to find the maximum value
in an array. Implement it with proper shared memory usage and explain your choice
of block size. What changes if the array has 1 billion elements versus 1 million?"

From JD: hands-on experience with GPU-accelerated computing or parallel programming (CUDA preferred)

WHAT THEY'RE REALLY ASKING

This directly tests your CUDA programming competency and understanding of GPU performance optimization. They want
to see if you can write correct parallel code and reason about the performance implications of different implementation
choices at scale.

WHAT GREAT LOOKS LIKE RED FLAGS

e Correct CUDA Implementation: Proper shared memory e Incorrect Synchronization: Missing __syncthreads() or
usage, thread synchronization with __syncthreads(), incorrect shared memory access patterns leading to
and handling thread divergence race conditions

» Block Size Reasoning: Understands occupancy vs » Arbitrary Block Size: Choosing block size without
resource usage trade-offs, typically choosing 256 or understanding occupancy or just saying 'powers of 2
512 threads per block with justification are good'

» Scalability Analysis: Recognizes that billion-element » Scale Ignorance: Not recognizing that GPU grids have
arrays require multiple kernel launches or grid-stride size limits or how to handle arrays larger than
loops due to grid size limits maximum grid dimensions

* Performance Optimization: Discusses memory » No Performance Insight: Writing code without
coalescing, bank conflicts, and warp efficiency in the understanding why certain patterns are faster on GPU
context of the reduction pattern architecture

YOUR PREP

Study CUDA parallel reduction patterns - this is a classic GPU computing problem with well-known optimization
techniques. Practice implementing reductions with shared memory and understand why different block sizes affect
performance. Review GPU architecture basics like warps, occupancy, and memory coalescing to explain your
implementation choices.

@® PRACTICE WITH Al

Act as a NVIDIA interviewer asking me to implement a CUDA parallel reduction. Watch me code step-by-step, question
my block size choice, probe my understanding of shared memory usage, and challenge me on how the solution scales to
very large arrays.




- NVIDIA's focus on candidate background with GPU context

. Coding — System Optimization

"Your distributed rate-limiting system at Microsoft used Redis for state
synchronization. How would you modify this design if each rate limiter needed to
make decisions in under 100 microseconds, and you had access to GPU memory
but not GPU compute for the rate limiting logic?"

WHAT THEY'RE REALLY ASKING

The interviewer is evaluating your ability to adapt existing distributed systems knowledge to hardware-constrained
environments, specifically testing whether you can reason about GPU memory characteristics and ultra-low latency
requirements. They want to see if you can bridge software architecture decisions with hardware realities, a critical skill

for NVIDIA's GPU-accelerated systems.

WHAT GREAT LOOKS LIKE

Memory hierarchy optimization: Discusses moving
from Redis to GPU memory's high bandwidth but
higher latency characteristics, potentially using CPU
cache or shared memory for sub-100us decisions

Batching strategy: Proposes batching rate limit checks
to amortize GPU memory access costs while
maintaining per-request decision speed

Hybrid architecture: Designs a tiered system with hot
limits in CPU cache, warm limits in GPU memory, and
cold limits in traditional storage

Quantitative reasoning: Provides specific latency
numbers for different memory tiers and explains
trade-offs between consistency and performance

YOUR PREP

RED FLAGS

GPU misunderstanding: Treats GPU memory like
regular RAM without considering bandwidth, access
patterns, or CPU-GPU transfer costs

Ignoring constraints: Proposes solutions that require
GPU compute when explicitly told only GPU memory is
available

No latency breakdown: Fails to analyze where the
100us budget gets spent (network, memory access,
computation, synchronization)

Redis tunnel vision: Sticks too closely to the original
Redis design without exploring fundamentally different
approaches for the new constraints

Use your distributed rate-limiting architecture story (Story 2) as the foundation, but prepare to explain the specific Redis

synchronization mechanisms you used and their latency characteristics. Research GPU memory bandwidth vs latency

trade-offs and think through how your token bucket or sliding window algorithms would change with GPU memory

constraints.

O® PRACTICE WITH Al

Act as a NVIDIA interviewer asking about adapting my Redis-based rate limiter to use GPU memory for sub-100

microsecond decisions. Challenge my understanding of GPU memory characteristics and push me to provide specific

latency breakdowns for my proposed solution.




. Culture Fit — Intellectual Honesty

- NVIDIA's core value of intellectual honesty

"Tell me about a time when you had to admit you were wrong about a technical
decision and change course. What was the impact on your team, and how did you
handle the communication?"

WHAT THEY'RE REALLY ASKING

This question directly tests NVIDIA's core value of intellectual honesty—the willingness to admit mistakes and change
direction based on evidence. The interviewer wants to see genuine self-reflection, how you handle ego when wrong, and
whether you can turn mistakes into learning opportunities while maintaining team trust and momentum.

WHAT GREAT LOOKS LIKE RED FLAGS

» Specific ownership: Names a concrete technical o Fake humility: Describes a 'mistake' that was actually

decision you championed that proved wrong, with
clear details about what you initially believed and why
Evidence-driven pivot: Explains what data or feedback
made you realize the mistake and how quickly you
acknowledged it publicly

Team communication: Describes proactive,
transparent communication about the change
including impact assessment and revised timeline

Learning integration: Shows how the mistake improved
your decision-making process or team practices going
forward

reasonable or unavoidable, avoiding real intellectual
honesty

Blame deflection: Subtly shifts responsibility to
changing requirements, incomplete information, or
team members rather than owning the decision
Communication avoidance: Focuses only on the
technical pivot without addressing how you handled
team dynamics and trust

No growth: Fails to demonstrate learning or process
improvement from the experience

YOUR PREP

This tests NVIDIA's intellectual honesty value, so you need a genuine example where you were definitively wrong about a
technical choice you advocated for. Think through your service migration leadership or cross-team ML integration stories
for moments where you had to reverse course. Focus on how you communicated the change and what you learned about
decision-making.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer probing for intellectual honesty. Ask follow-up questions about how | handled team
dynamics when admitting | was wrong, and challenge me to be more specific about the impact and lessons learned.




. Technical — System Design

NIM microservices infrastructure from job description

"Design the architecture for NVIDIA's NIM microservices platform that needs to
deploy and serve thousands of different Al models across enterprise customers.
Focus on how you'd handle model versioning, A/B testing, and auto-scaling based

on inference demand."

From JD: contributing to the CUDA developer piatform, NIM microservices infrastructure

WHAT THEY'RE REALLY ASKING

The interviewer is assessing your ability to design the actual infrastructure their team builds—NVIDIA's NIM

microservices platform. They want to see if you understand the unique challenges of Al model serving at enterprise
scale, including the complexities of model lifecycle management, multi-tenancy, and the computational demands of

inference workloads.

WHAT GREAT LOOKS LIKE

* Model registry architecture: Designs a versioned

model store with metadata for different model formats,

sizes, and deployment configurations

 Intelligent scaling: Proposes GPU-aware autoscaling
that considers model warm-up time, memory
requirements, and batch size optimization

» A/B testing framework: Creates tenant-isolated traffic
splitting with inference latency and accuracy metrics
collection

* Enterprise considerations: Addresses security
isolation, compliance logging, SLA guarantees, and
cost attribution across customers

YOUR PREP

RED FLAGS

Generic microservices: Treats Al models like stateless
web services without considering GPU memory, model
loading time, or inference characteristics

Scaling naivety: Proposes simple CPU-based
autoscaling without understanding GPU utilization
patterns or model-specific resource needs

A/B oversimplification: Suggests basic traffic splitting
without considering inference result comparison,
statistical significance, or model performance drift

Missing enterprise reality: Ignores security,
compliance, cost management, or the operational
complexity of managing thousands of models

Research NVIDIA's NIM (NVIDIA Inference Microservices) platform and understand the specific challenges of serving Al

models at enterprise scale. Study how model serving differs from traditional microservices, focusing on GPU resource
management, model loading strategies, and enterprise Al deployment patterns. This is the actual system this team builds.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer asking me to design the NIM microservices platform. Focus on the Al-specific challenges like
GPU memory management, model loading latency, and enterprise multi-tenancy requirements that distinguish this from

generic microservices.




. Coding — Concurrency Standard SWE concurrency with C++ focus for GPU systems

"Implement a thread-safe LRU cache in C++ using smart pointers. After
implementation, explain what happens to performance if this cache is accessed by
64 threads simultaneously, and propose an optimization."

WHAT THEY'RE REALLY ASKING

The interviewer is testing fundamental concurrent programming skills and your ability to reason about performance
bottlenecks in multi-threaded systems. They want to see clean C++ implementation skills, understanding of thread safety
mechanisms, and the insight to identify contention issues and propose architectural solutions.

WHAT GREAT LOOKS LIKE RED FLAGS

+ Clean implementation: Uses std::shared_ptr and  Memory management errors: Misuses smart pointers,
std::weak_ptr appropriately with proper RAIl, mutex creates circular references, or has potential memory
placement, and exception safety leaks in the concurrent environment

» Contention analysis: Identifies that 64 threads hitting a e Thread safety gaps: Implements locking incorrectly,
single mutex creates serialization bottleneck, has race conditions, or misunderstands when
destroying parallelism benefits synchronization is needed

» Optimization strategy: Proposes solutions like lock- e Shallow optimization: Suggests superficial fixes like
free approaches, thread-local caches, or partitioned 'use faster locks' without addressing fundamental
caches with consistent hashing contention architecture

» Performance reasoning: Quantifies the impact with » No performance model: Can't explain why 64 threads
specific considerations about cache line bouncing, hurt performance or lacks understanding of how
memory bandwidth, and lock acquisition costs contention affects throughput

YOUR PREP

Structure your approach using a clear framework: first implement the basic LRU with proper C++ patterns, then analyze
the concurrency bottleneck systematically, and finally propose architectural solutions. Practice explaining lock contention
effects and modern C++ concurrency patterns. Focus on demonstrating both implementation skills and systems thinking.

(@® PRACTICE WITH Al

Act as a NVIDIA interviewer watching me implement a thread-safe LRU cache in C++. Challenge my smart pointer usage,
probe my understanding of lock contention with 64 threads, and ask me to justify my optimization proposals with
performance reasoning.




. Technical — Domain Specific - NVIDIA's project deep-dive approach with GPU acceleration angle

"You mentioned optimizing Elasticsearch for 3B+ hotel records. The scoring
function you wrote - walk me through exactly how it worked. If we needed to port
that same ranking logic to run on GPU for real-time inference, what would be the

main challenges and how would you address them?"

WHAT THEY'RE REALLY ASKING

This question evaluates your depth of technical expertise in search/ranking systems and ability to adapt algorithms
across different computing paradigms. The interviewer wants to see if you truly understand the mechanics of your past

work and can reason about GPU-specific optimization challenges—critical for a company where GPU acceleration is core
to the business.

WHAT GREAT LOOKS LIKE

Technical Depth: Clearly explains the scoring function
mechanics (e.qg., field boosting, distance decay,
availability multipliers) with specific implementation
details

GPU Adaptation Strategy: Identifies key challenges like
memory coalescing, thread divergence in scoring
branches, and batch processing requirements

Performance Optimization: Discusses specific GPU
optimizations like vectorized operations, shared
memory usage, and kernel fusion opportunities
Practical Implementation: Addresses data pipeline
changes, memory layout optimization, and inference
latency requirements

YOUR PREP

RED FLAGS

Vague Technical Details: Cannot explain the actual
scoring algorithm or gives generic Elasticsearch
answers without depth

GPU Naivety: Treats GPU as just 'faster CPU' without
understanding parallel computing constraints and
opportunities

Oversimplified Porting: Suggests direct translation
without considering memory bandwidth, thread
scheduling, or numerical precision differences
Missing Real-time Considerations: Ignores latency
requirements, batch size optimization, or inference
pipeline integration challenges

Use your High-Throughput Distributed System story to detail the exact Elasticsearch scoring function you built—be
specific about the mathematical operations, field weights, and ranking logic. Then connect this to GPU programming

principles: think about how scoring operations could be vectorized, what memory access patterns would be efficient,
and how to handle branching logic in parallel threads.

O® PRACTICE WITH Al

Act as a NVIDIA interviewer asking about porting search ranking algorithms to GPU. Probe deeply into the technical

implementation details of my Elasticsearch scoring function, then challenge my GPU optimization approach with follow-

up questions about memory efficiency and parallel execution.




. Culture Fit — Innovation

"Describe a situation where you had to innovate beyond existing solutions to solve
a problem. What was your thought process, and how did you validate that your
novel approach would work?"

- NVIDIA's innovation-first culture and values

WHAT THEY'RE REALLY ASKING

NVIDIA values pioneering innovation—they need engineers who don't just implement existing solutions but push
boundaries. This question assesses your ability to think beyond conventional approaches, validate novel ideas rigorously,
and take calculated risks on unproven solutions when standard approaches fall short.

WHAT GREAT LOOKS LIKE RED FLAGS

Clear Innovation Gap: Identifies why existing solutions
were insufficient and the specific problem requiring
novel approach

Structured Innovation Process: Shows methodical
thinking through hypothesis formation, prototyping,
and iterative validation

Risk Mitigation: Demonstrates how they validated the
approach through experiments, benchmarks, or proof-
of-concepts before full implementation

Impact Measurement: Quantifies the improvement
over existing solutions and lessons learned from the
innovation

Incremental Improvement: Describes minor
optimizations rather than truly novel approaches that
break from convention

Validation Gaps: Cannot explain how they knew the
innovative approach would work or shows poor risk
assessment

Over-engineering: Innovated for innovation's sake
rather than solving a real problem that existing
solutions couldn't address

Unclear Thought Process: Presents innovation as
random insight rather than systematic problem-solving
methodology

YOUR PREP

Structure your answer using the innovation framework: Problem - Limitation Analysis - Novel Approach - Validation
Strategy - Results. Consider your Cross-Region Failover Optimization or Distributed Rate-Limiting Architecture stories—
both likely required innovative approaches beyond standard patterns. Focus on the systematic thinking process that led
to breakthrough solutions.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer focused on innovation culture. Ask me about a time | innovated beyond existing solutions,
then probe my validation methodology and decision-making process to ensure | can pioneer new approaches
systematically.




- NVIDIA-scale GPU infrastructure challenges

. Technical — System Design

"How would you design a system to automatically detect and prevent GPU memory
leaks across a fleet of 10,000 training jobs running simultaneously? Consider both
detection latency and the overhead of monitoring."

WHAT THEY'RE REALLY ASKING

This tests system design skills at NVIDIA's massive scale while evaluating understanding of GPU-specific challenges.
The interviewer wants to see if you can design monitoring infrastructure that balances detection accuracy with
performance overhead—critical for production ML infrastructure where both memory leaks and monitoring overhead can
kill training jobs.

WHAT GREAT LOOKS LIKE RED FLAGS

» Multi-layered Detection: Combines lightweight e Generic Monitoring Approach: Treats GPU memory
continuous monitoring with deeper periodic analysis to
balance latency and accuracy

like regular system memory without understanding
GPU-specific allocation patterns

o GPU-Aware Monitoring: Shows understanding of
CUDA contexts, memory pools, and GPU memory
allocation patterns specific to training workloads

e Scalable Architecture: Designs hierarchical monitoring

(node-level - cluster-level) with intelligent
aggregation and alerting thresholds

o Overhead Optimization: Quantifies monitoring costs
and provides strategies like sampling, async
collection, and resource-aware scheduling

YOUR PREP

Scalability Blindness: Designs solutions that work for
10 jobs but break at 10,000 due to monitoring
overhead or coordination costs

Detection-Only Focus: Ignores prevention
mechanisms, automatic remediation, or integration
with job scheduling systems

Performance Ignorance: Cannot quantify monitoring
overhead or doesn't consider impact on training
performance and throughput

Apply system design principles from your Observability System Design story, but adapt for GPU-specific challenges.
Research GPU memory management (CUDA contexts, memory pools, fragmentation patterns) and consider how
monitoring infrastructure scales. Think about trade-offs between detection granularity, latency, and overhead in a
distributed training environment.

© PRACTICE WITH Al

Act as a NVIDIA interviewer conducting a system design session on GPU memory leak detection at scale. Challenge my
design choices around monitoring overhead, detection accuracy, and scalability while probing my understanding of GPU
memory management.




. Culture Fit — Cross-functional Collaboration Nl Collaboration with hardware architects requirement

"Tell me about a time you had to collaborate with hardware engineers or a team
with very different technical expertise than yours. How did you bridge the
communication gap and ensure project success?"

From JD: collaborating directly with hardware architects on memory hierarchy and compute primitive design

WHAT THEY'RE REALLY ASKING

NVIDIA requires software engineers to work closely with hardware teams on cutting-edge technology where traditional
software abstractions break down. This evaluates your ability to communicate across disciplinary boundaries, translate
between software and hardware concerns, and maintain project momentum when working with teams that think in
fundamentally different paradigms.

WHAT GREAT LOOKS LIKE RED FLAGS

« Communication Bridge: Shows specific strategies for e One-Way Communication: Only focused on getting

translating between software abstractions and
hardware constraints/capabilities

* Mutual Learning: Demonstrates curiosity about
hardware constraints while helping hardware teams
understand software requirements

o Structured Collaboration: Established clear interfaces,

documentation standards, and regular sync points to
manage different work cadences

¢ Outcome Focus: Maintained project momentum
despite communication challenges and delivered
measurable results through cross-team effort

hardware team to understand software needs without
learning hardware constraints

Abstraction Barriers: Relied too heavily on traditional
software abstractions instead of adapting to
hardware-software co-design reality

Process Rigidity: Applied software development
processes without adapting to hardware team's
different validation and iteration cycles

Conflict Avoidance: Glosses over real technical
disagreements instead of showing how they navigated
different disciplinary perspectives

YOUR PREP

Use your Cross-Team ML Integration story, emphasizing the communication and collaboration aspects rather than just
technical integration. Frame it around bridging different technical languages—ML teams think in models/accuracy,
infrastructure teams think in throughput/latency. Show how you adapted your communication style and established
shared success metrics.

(© PRACTICE WITH Al

Act as a NVIDIA interviewer asking about cross-functional collaboration with hardware teams. Probe how | handled
technical communication barriers and ensured project success despite different disciplinary approaches and work
styles.




interview101

Scripts for Awkward Questions

How to handle gaps, weaknesses, and curveballs with confidence.

Your Gap Analysis

JD REQUIREMENT

Deep systems programming
expertise and C++ development
experience

Hands-on experience with GPU-
accelerated computing or parallel
programming (CUDA preferred)

Design and build foundational
systems at intersection of GPU
hardware and software

Strong distributed system design
fundamentals and high-
performance backend services

Python development experience
for backend services

YOUR RESUME EVIDENCE

Resume shows Go and Python as primary languages with no mention
of C++ experience. Candidate explicitly lists 'No experience: CUDA
programming, GPU kernel development' indicating lack of low-level
systems programming foundation.

Resume explicitly states 'No CUDA programming or GPU kernel
development background' and 'No experience: CUDA programming,
GPU kernel development, parallel reduction algorithms'. Only has ML
API consumption experience.

Experience is entirely cloud-focused (Azure Event Hubs,
microservices) with no hardware-adjacent systems work. Resume
shows distributed cloud systems but no low-level hardware
integration or GPU platform development.

6 years of distributed systems experience including Azure Event
Hubs handling 4.2M events/sec, cross-region failover design, and
high-throughput data pipelines. Built systems achieving 99.995%
uptime and p99 latency < 35ms.

Strong Python experience including FastAPI for hotel search pricing
engine processing 1.1M daily requests, integration with ML APIs, and
backend service development over multiple roles.

A

STATUS

Gap

Gap

Gap

Covered

Covered



interview101

Bri

dge Scripts for Your Gaps

n C++ Systems Programming

Re: Deep systems programming expertise and C++ development experience

WHY INTERVIEWERS WILL PROBE THIS

The interviewer may worry that without C++ experience, the candidate lacks the low-level programming skills
essential for GPU systems work and may struggle with memory management, performance optimization, and
hardware-adjacent code that's critical for NVIDIA's platform development.

....................

BEFORE YOU USE THIS SCRIPT, VERIFY:

What specific C++ learning have you done recently (courses, books, practice projects)?
Can you identify transferable low-level concepts from your Go/systems work?

What concrete examples show your ability to learn new programming languages quickly?

©® PRACTICE WITH Al

Act as an NVIDIA interviewer. I'm explaining why my lack of C++ experience shouldn't be a concern for a GPU systems role. Challenge my
answer and push back if my response sounds evasive or like I'm underestimating the complexity of systems programming in C++.




e

CUDA GPU Programming

Re: Hands-on experience with GPU-accelerated computing or parallel programming (CUDA preferred)

WHY INTERVIEWERS WILL PROBE THIS

The interviewer may question whether the candidate can succeed in a GPU-focused role without hands-on
parallel programming experience, especially since CUDA development requires understanding unique concepts
like thread blocks, memory hierarchies, and kernel optimization that don't exist in traditional backend
development.

YOUR BRIDGE SCRIPT

I'll be direct - | don't have CUDA experience yet, but | do understand parallel computing principles from my

...................................................................

genuinely excited about applying my performance optimization mindset to GPU kernels where the impact is so
much more immediate than distributed systems.

BEFORE YOU USE THIS SCRIPT, VERIFY:

What specific CUDA learning have you started (online courses, books, practice projects)?
Can you articulate parallel computing concepts from your distributed systems experience?

What draws you specifically to GPU programming versus staying in traditional backend work?

©®© PRACTICE WITH Al

Act as an NVIDIA interviewer asking about CUDA experience. I'm explaining how my distributed systems background prepares me for GPU
programming. Challenge my answer and probe whether | truly understand how different GPU parallelism is from distributed systems.




interview101

Bridge Scripts for Your Gaps

a Hardware-Software Systems

Re: Design and build foundational systems at intersection of GPU hardware and software

WHY INTERVIEWERS WILL PROBE THIS

The interviewer may doubt whether someone with purely cloud/software experience can effectively work at the
hardware-software boundary, which requires understanding GPU architecture, driver interactions, and low-level
performance characteristics that are completely different from high-level distributed systems.

YOUR BRIDGE SCRIPT

My experience has been entirely cloud-focused, but I've always worked close to the infrastructure layer -

--------------------------------------------------------- , I had to deeply understand the interaction

/s /s

between our code and the underlying systems. I'm drawn to NVIDIA because | want to get closer to that

hardware-software boundary where optimizations have such direct impact. I've been studying GPU
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BEFORE YOU USE THIS SCRIPT, VERIFY:

What specific hardware-adjacent optimizations or debugging have you done in your current role?
What GPU architecture learning have you pursued (books, courses, documentation)?

Can you explain why you want to move from high-level cloud work to lower-level systems?

©® PRACTICE WITH Al

Act as an NVIDIA interviewer. I'm explaining how my cloud systems experience prepares me for hardware-software boundary work. Challenge
whether | understand how different GPU hardware work is from distributed cloud systems, and probe if I'm being realistic about this transition.
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When You Don't Know the Answer

The 4-Step Recovery

Pause Acknowledge

-3 seconds of silence is fine. "That's a great question. | haven't
Don't panic. encountered that exact scenario."
WHAT TO AVOID

Bluffing or making up answers

Getting visibly flustered

Reason

Saying "l have no idea" and stopping

Overexplaining why you don't know

"l haven't worked with that specific technology, but here's how I'd approach learning it..."

"That's outside my direct experience, but my instinct would be to..."

"I'd want to understand more about [X] before giving a definitive answer, but my initial thinking is..."

Anchor

"Here's how I'd think about it..." "In a similar situation, | [relevant

experiencel]..."
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Curveball Questions

These questions are designed to test how you think under pressure. There's rarely a "right" answer
— they're evaluating your reasoning process.

"Implement a parallel sum reduction in CUDA. Start with any approach and optimize it as far as you can.
Explain why each optimization improves performance."

Why they ask: This is NVIDIA's canonical system design question for GPU compute and ML infrastructure roles — it appears
in multiple NVIDIA interview accounts and tests every NVIDIA-specific SWE competency simultaneously: understanding of the
CUDA memory hierarchy (why shared memory matters for reduction), warp-level optimization (warp shuffle instructions
eliminate shared memory synchronization overhead), GPU occupancy trade-offs (more threads per block vs more registers
per thread), and the ability to reason from hardware first principles about performance. The question has a well-known
optimal solution (warp shuffle reduction) but most candidates give the shared memory solution and stop there — NVIDIA
interviewers probe for the additional 30-40% performance gain from warp-level operations, and the ability to explain why that
gain exists in terms of the hardware reveals genuine GPU programming depth versus surface knowledge.

FRAMEWORK

- Start with a correct naive implementation: each thread loads one element into shared memory, then a reduction tree
halves the active threads at each step with __syncthreads() ensuring consistency; explain why thread divergence in
the reduction tree is a performance problem

- First optimization: eliminate sequential addressing to remove shared memory bank conflicts — stride by increasing
powers of 2 from the start so all active threads access non-conflicting banks; show the pattern change and explain
why bank conflicts serialize access on the shared memory bus

- Second optimization: warp shuffle reduction for the final 32 threads (one warp) — use __shfl_down_sync() to pass
values between lanes within a warp without shared memory or synchronization overhead; explain that threads in the
same warp execute synchronously, making __syncthreads() unnecessary within a single warp

- Third optimization: cooperative groups — use the cooperative groups API to generalize the warp-level reduction and
make the final inter-block reduction cleaner; discuss the thread_block_tile abstraction

- Performance analysis: bandwidth-bound vs compute-bound — for small element sizes, memory bandwidth to load the
input array dominates; for large reductions, the reduction tree depth creates latency; the warp shuffle approach
reduces both by eliminating shared memory round-trips in the most frequently executed steps

- Occupancy discussion: more registers per thread (from warp shuffle approach) increases occupancy by fitting more
warps per SM; discuss the register file size (65,536 32-bit registers per SM on Ampere) and how register pressure
constrains parallelism

Implement a parallel sum reduction in CUDA from scratch, starting with the naive approach and optimizing step by step: (1) naive
— each thread reads one element, reduction tree in shared memory with __syncthreads() at each level; (2) eliminate bank
conflicts by adjusting stride pattern; (3) warp shuffle reduction using __shfl_down_sync() to eliminate shared memory entirely

/N within each warp and reduce synchronization to a minimum; (4) cooperative groups for the final warp-level reduction across the
block. Profile each version with Nsight Compute and understand which operations each version is bandwidth-bound vs
compute-bound. Understand occupancy for each approach: warp shuffle allows more registers per thread which increases
occupancy in register-pressure scenarios.



"Design a low-latency LLM inference serving system that can handle 1000 concurrent requests on a
cluster of 8 A100 GPUs. Walk me through the architecture, the key engineering challenges, and how you
would resolve them."

Why they ask: This question tests NVIDIA-specific ML infrastructure engineering depth at the system design level —
understanding of the engineering problems inside real LLM inference serving systems (vLLM architecture, KV-cache
management, dynamic batching, and the memory-latency trade-off) is increasingly a core NVIDIA SWE competency across
multiple teams (NIM, TensorRT-LLM, Triton). The question is structured so that candidates with surface knowledge will design
a straightforward request-queue serving system, while candidates with genuine NVIDIA-relevant depth will engage with KV-
cache as the fundamental resource constraint, paged attention as the memory management strategy, continuous batching as
the throughput-latency trade-off mechanism, and speculative decoding as an advanced latency optimization. This is the
system design question that separates ML systems SWEs from application SWEs at NVIDIA.

FRAMEWORK

- Establish the fundamental constraint: KV-cache memory is the limiting resource, not compute; each concurrent
request requires a fixed KV-cache allocation per attention head per layer per token in the sequence; at 1000
concurrent requests with 2048-token sequences on an 80B parameter model, KV-cache memory consumption
dominates GPU memory — design the memory manager first

- KV-cache memory manager (paged attention): allocate KV-cache in fixed-size blocks (pages) rather than reserving
contiguous memory per request; implement a page table that maps logical sequence positions to physical GPU
memory blocks; this allows requests of different sequence lengths to share the same memory pool without
fragmentation; evict least-recently-used sequences when memory pressure is high

- Continuous batching for throughput: do not wait for all sequences in a batch to complete before starting new requests;
implement a scheduler that continuously fills the batch as sequences finish; this eliminates the GPU underutilization
problem where the last sequence in a static batch holds up all resources

- Tensor parallelism across 8 GPUs: for models too large for a single A100 (80GB), split attention head computation
across GPUs (tensor parallelism); NVLink provides 600 GB/s bidirectional bandwidth between GPUs in a DGX system
— design the all-reduce communication pattern to overlap with computation using CUDA streams

- Speculative decoding for latency: deploy a small draft model (7B parameters) on one GPU to generate 4-8 candidate
tokens per step; the large target model verifies the candidates in a single forward pass; accepted tokens reduce the
number of full model forward passes, cutting median latency by 2-3x for repetitive generation patterns; reject cascade
at first incorrect token and fall back to target model continuation

- Serving infrastructure: REST/gRPC frontend with priority queuing; separate queues for latency-sensitive (online) and
throughput-optimized (batch) workloads; health monitoring that tracks GPU utilization, KV-cache occupancy
percentage, and queue depth as primary operational metrics

Study vLLM's architecture from its published paper and NVIDIA's TensorRT-LLM documentation. Understand paged attention:
KV-cache memory for a single request at a specific sequence length consumes a fixed amount of GPU memory, and serving
multiple concurrent requests requires a memory manager that allocates, reuses, and evicts KV-cache blocks efficiently —
identical in concept to virtual memory page management. Understand continuous batching: unlike static batching (batch of

A\ requests starts and finishes together), continuous batching allows new requests to join a running batch when earlier sequences
complete, dramatically improving GPU utilization by eliminating the tail latency problem. Understand speculative decoding: a
smaller draft model generates multiple candidate tokens in parallel, the large target model verifies them in one forward pass,
accepting correct tokens and rejecting at the first error — reduces the number of full model forward passes for latency-sensitive
applications.

Quick Reference: The Graceful Bridge



For any gap or weakness, remember: Acknowledge - Pivot - Evidence. Never deny a gap exists. Instead, show adjacent
experience and genuine enthusiasm to grow. Interviewers expect gaps — they're evaluating how you handle them, not
whether you're perfect.



Questions That Make Them Want You

Strategic questions to ask each interviewer type.

The questions you ask tell interviewers as much about you as your answers. Great questions demonstrate that
you've done your research, you're thinking strategically about the role, and you're evaluating them, not just
hoping to be chosen.

Use 2-3 questions per interview — more than that feels like an interrogation. Choose based on who you're talking
to.

For the Recruiter
M

Focus: Process, timeline, culture fit

"What does the interview process look like from here, and what's a realistic timeline?"

Why it works: Shows you're organized and serious about moving forward.

"What traits have you seen in candidates who really thrive here?"

Why it works: Gets insider perspective on culture fit — recruiters have pattern-matched hundreds of hires.

* COMPANY-SPECIFIC
"Given that intellectual honesty is explicitly evaluated during interviews, what specific sighals do you see that
differentiate candidates who score well on this dimension versus those who struggle with it?"

Why it works: Recruiter observes candidates across many interviews and can speak to what makes them pass/fail on specific evaluation
criteria. This taps into their direct observation of the intellectual honesty evaluation signal.



For the Hiring Manager
i) g g

"If | were crushing it in this role after 6 months, what would that look like?"

Why it works: Shows you're thinking about impact, not just tasks. Reveals their real priorities.

* COMPANY-SPECIFIC
"How does 'Speed & Agility' actually manifest when the team is working on foundational systems that need to be
both fast to market and rock-solid reliable? I'm curious about how you balance that tension."

Why it works: Hiring manager can speak to how company values translate into day-to-day team operations, especially around the
inherent tension between speed and the reliability requirements of foundational systems.

¢ ROLE-SPECIFIC

"The role mentions collaborating directly with hardware architects on memory hierarchy design. Coming from
distributed systems where I've optimized for network and storage bottlenecks, what's different about reasoning
through GPU memory hierarchy constraints?"

Why it works: Ties candidate's distributed systems background to the specific JD responsibility of hardware collaboration, showing they
understand their knowledge gap and are thinking about the transition.

o> For Peer Interviewers
M

"What do you wish you'd known before joining?"

Why it works: Invites honest perspective and shows you value candor.

* COMPANY-SPECIFIC
"The culture emphasizes 'no politics, no hierarchy' standing in the way of innovation. Day-to-day, how does that
actually work when you need to make technical decisions that span teams with different priorities or constraints?"

Why it works: Peer can give candid insight into how the flat culture actually operates when there are conflicting technical needs,
something only someone living it daily would understand.

¢ ROLE-SPECIFIC

"What's the collaboration rhythm like between the CUDA platform work, NIM microservices, and TensorRT
integration? Do you find yourselves context-switching between these areas, or is there more specialization within
the team?"

Why it works: Peer can describe the actual day-to-day experience of working across the three main technical areas mentioned in the
role, providing insight into team structure and workflow.



® For Executives / Skip-Level

"Where do you see this product/team in 2-3 years?"

Why it works: Shows you're thinking long-term and want to understand the strategic trajectory.

* COMPANY-SPECIFIC
"With NVIDIA's expansion from GPU computing into Al infrastructure and microservices, how do you see the GPU
Computing Platform team's foundational work positioning the company for the next wave of Al workloads?"

Why it works: Executive can speak to strategic direction and how this team's foundational systems work connects to NVIDIA's broader
market positioning in Al infrastructure.

¢ ROLE-SPECIFIC

"This role seems positioned at a critical intersection between hardware capabilities and software abstractions.
What strategic bet is NVIDIA making by investing in this foundational layer, especially with next-gen Blackwell
architectures?"

Why it works: Executive can explain the strategic importance of foundational systems roles and why this intersection of
hardware/software is prioritized, especially with new architecture generations.

© Questions That Hurt Your Candidacy

Avoid asking: "What does your company do?" (shows no research) « "How soon can | get promoted?" (sounds entitled)
"What's the work-life balance like?" (ask instead: "How does the team approach deadlines?")  "Did | get the job?" (awkward)

» Anything easily Googleable (shows no prep) "l don't have any questions" (signals disinterest)

The personalized questions above are based on your target company and role.

Don't read these verbatim — internalize the intent and ask in your own words
Reference recent news or product launches you've seen

Mention something from the interviewer's LinkedIn (if visible)

Connect your specific experience to their challenges

If you know someone who works there, ask what they'd want to know
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A Handout That Closes the Deal

Your 30/60/90 day approach — tailored to NVIDIA and your background.

Show How You Think, Not What You'll Deliver

A 30/60/90 day plan signals strategic thinking and self-awareness. But the best plans don't over-promise — they
show based on your specific background, while leaving room for the reality that you

don't yet know what it's like to work there.

We've tailored this plan to your experience and NVIDIA's expectations. Print the next page and bring it to your

interview — or offer to send it afterward.

3

Your Printable Handout

The next page is a clean, one-page summary designed to leave with your interviewer.
It has your name on it — no Interview101 branding — so it looks like you created it.

> Next Page



My 30/60/90 Day Approach

Alex Kim
SWE

e Learn the Domain

Build the foundation to contribute effectively

WHAT I'LL SEEK TO UNDERSTAND

Profile existing CUDA kernels and TensorRT systems to
establish performance baselines

Study GPU architecture constraints that drive software
design decisions at NVIDIA

Embrace intellectual honesty culture by reasoning
transparently about knowledge boundaries

MY MILESTONE

WHERE MY BACKGROUND HELPS

» Distributed systems experience accelerates understanding
of GPU cluster coordination and microservices patterns

« High-throughput pipeline expertise translates to GPU
memory bandwidth optimization thinking

Understand GPU hardware constraints and current system performance characteristics through measurement

DAYS 31-60 Eud
Add value while still learning

WHERE I'LL LOOK TO ADD VALUE

Apply microservices patterns to NIM infrastructure reliability
and scaling challenges

Leverage pipeline optimization experience for GPU memory
hierarchy efficiency improvements

Support code reviews and testing while building CUDA
programming competency

MY MILESTONE

WHAT I'M EXCITED TO LEARN

« Excited to master CUDA programming and GPU-accelerated
computing through hands-on kernel development

Ship first GPU-optimized contribution with documented performance validation and correctness verification

TS G Innovate
Begin driving, not just supporting

WHERE | MIGHT ADD UNIQUE VALUE

Begin leading distributed system design decisions for GPU
computing platform services

Start owning performance optimization initiatives using
established profiling methodology

Drive cross-team integration patterns based on
microservices architecture experience

MY MILESTONE

WHAT I'LL DIAGNOSE FIRST

* Which GPU kernels are furthest below their hardware
performance ceiling?

« Where do current distributed system patterns limit GPU
utilization efficiency?

» What hardware-software co-design opportunities does the
manager prioritize highest?

Identified and proposed specific optimization with measured hardware utilization impact

This is my approach, not a rigid commitment — /'ll adapt based on what | learn.



Alex Kim
SWE at NVIDIA

interview101 Interview Day Cheat Sheet

Senior SWE with 6 years building distributed systems at scale—4.2M events/sec across 18 regions at Microsoft. Proven

systems programming and performance optimization skills. Ready to apply distributed architecture expertise to
NVIDIA's GPU-accelerated computing and CUDA platform challenges.

’ High-Throughput Distributed System . Distributed Rate-Limiting Architecture
- Tell me about a high-performance system you built. - Describe a complex distributed algorithm you implemented.
. Cross-Region Failover Optimization . Cross-Team ML Integration
- Tell me about a performance optimization you made. - Describe integrating ML into production systems.
. Service Migration Leadership . Observability System Design
- Tell me about leading a technical migration. - How do you debug performance issues systematically?
. Values: No politics, no . Recent: Domain-specific v/ Proven high-performance distributed systems leadership at
hierarchy, intellectual evaluation—CUDA, parallel scale.
honesty, learning-oriented. computlng, hardware—aware / Systems programming excellence with performance
design primary signals. optimization.
- Interview: Panel-style » Culture: Transparent v/ Cross-team infrastructure collaboration and complex project
interviews probe past reasoning at knowledge ownership.
projects deeply; prepare 30+ edges, responsible risk- . . . .
minute walkthroughs. taking, excellence in v Eunt foundational systems processing 4.2M events/sec—thinks
SEEER. like a platform engineer.
e M
IF THEY ASK ABOUT GPU-ACCELERATED COMPUTING AND CURVEBALL READY

C++ SYSTEMS PROGRAMMING.

"Implement parallel sum reduction in CUDA; optimize as far
I lack production CUDA experience, but my Go systems work—

T as possible."
memory management, concurrency, hardware-aware optimization
—translates directly. I'm actively learning C++ through focused Naive shared memory - eliminate bank conflicts with stride
projects and excited to apply systems thinking to GPU contexts pattern — warp shuffle with __shfl_down_sync() - cooperative
where performance decisions matter most. groups - explain bandwidth vs compute-bound tradeoffs and

occupancy impact at each step.

"How does Speed & Agility balance with building rock-solid "How does 'no politics, no hierarchy' work when technical decisions
foundational systems?" span teams with conflicting priorities?"

"How does GPU Computing Platform work position the company for "What specific signals differentiate candidates who score well on
next-wave Al workloads?" intellectual honesty?"

Panel intervi mmo E S j -minute deep dive
the question < e golely K itecture cold

Intellectual honesty bluffing — reason X of follow-up on every
from first princip vhen you hit limits




